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T People Killed 70 836
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Objective

SERVIR

Develop a flash flood nowcasting/forecasting system to advance the
institutional capacity of the West Africa countries to mitigate flash flood risk.
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Methodology
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Distributed hydrological modeling for flash flood prediction SI:Q:{'/’IR

5 Ensemble Framework for ygr—
2 Flash Flood Forecasting «

CREST maximum unit streamflow is an invaluable tool
to get a sense for the potential magnitude of ongoing
flash flooding (provided the input MRMS estimated
rainfall is close to accurate). For the St. Louis flash
flood we were well into the significant range over much
of the city.
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Flooded Locations And Simulated Hydrographs Project
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Fi ﬂ ﬁ improving the science behind flash flood prediction

Flamig, Z.L., Vergara, H. and Gourley, J.J., 2020. The Ensemble Framework For Flash Flood
Forecasting (EF5) v1.2: Description and Case Study. Geoscientific Model Development
Discussions, 13, 4943—-4958, https://doi.org/10.5194/gmd-13-4943-2020, 2020.
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Distributed hydrological modeling for flash flood prediction e

Ensemble Framework for ::2::;

Flash Flood EorecaSting Outputs
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Example - IMERG hindcast

Cote d’lvoire Flood June 2018
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Precipitation - The #1 Challenge

Present (Analysis) _ _
IMERG Early: < 4 hours latency Rainfall-driven short fused hazard

» High rainfall rates
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» Rapidly evolving/Small spatial scales
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Establishing a baseline for short-term QPFs

LAGRANGIAN
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Establishing a baseline for short-term QPFs
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Establishing a baseline for short-term QPFs
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Nowcasting: Beyond the baseline
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Cote dlvoire
2018-06-18 00:00
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Summary and ongoing efforts
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We are developing a flash flood forecasting service based on satellite
observations and nowcasting procedures to improve mitigation strategies in
data scarce and highly vulnerable region of West Africa.

Ongoing efforts

» Data collection on flash flood events (please reach out!)

» ML nowcasting — integration of IR to reduce latency of observed fields
» Very high-res (90m) EF5 configuration for Ghana
>

Capacity building — training material
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Thank you for your attention
SERVIR

Project: Machine learning based flash flood forecasting in West Africa with satellite observations

Contact info: efthymios.nikolopoulos@rutgers.edu
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